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W, R SR E AR T HSV 7 — X BRI L2 b D
TdhbH. %1712 RMSE(Root Mean Square Error) & PSNR
(Peak Signal-to-Noise Ratio) Dl &7~ 3". DEM % BN &
IIRREAL Lo RITFRZEN R E WA, TN LMIHE VA
Do, R &R RIS AR L s
LEWZ ERbhrorz. 43 K 3 Rt Al f] 2R3,
RGO EAERIRICE B L7 F MU ORER L, Ehelo
HENBENBES R TE WA I ERbns. 2B, &
SrfERel U R AL &R RHR ) DA & & EHEEH R U 7ol
BT, HORNSEGIEDOTE NN D 5 Z L3 biroTk.

4. BhHYIC

IRBDOREENSIE, HTEOREE N S 0MIE R LT
b aZ LzaiHt T 2MME, ERHORRE(LEE RN
ELTHRTZ L ERiEE T HBMEICE D E NG E D
BARREWRENTZ LD LEEZS. 5%, BEiEn(2021)
RPN HD LIRS FETORFBLETH D, A
7213 JSPS £t 21K11905 OBk E 2% T7-bDTH 5.
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RMSE(m) | 0.252 0.283 0.248 0.451 0.250 0.239

PSNR(dB) | 77.99 77.00 78.13 72.94 78.08 78.47




Aspeé 4 Low-resolution

“Q | Aspect & Slope
%‘\," ' (input: HSV model)
DEM v %‘/y e
il &
v A
y — Conversion
’ SV

Resize Feature Non-linear
(Bicubic) detection mapping
| B SRCNN

Reconstruction

High-resolution
Aspect & Slope

(output) I DEM
; ) Surface Estimation

using Cubic B-Spline v
Point data —
x, y, aspect, slope

+ ‘

Point data
x, y, elevation

Aspect ‘

N

W2 A RREALOE] (SRR 2 m). (a) %82 1 m @ DEM, (b)5 m @ DEM, (c)Bicubic fiffl, (d) i/ fiaeb it & L&), () 4y
RAERS B (BRI BLE &N LR, () B0 RAER: B (BRI BLEE N DEHEE) , (2) 4fFEE 1 m o HSV Hif4, (h)5 m ¢ HSV Hifg,

() B e bR R HSV Eif%.

@ (b)

m =0
%3 RO 3 WILFR . (a) 72f#EE 1 m @ DEM, (b)5m D
DEM, (c) Bicubic #filf], (d) o fifselbit i GEm), (o) morffaE
(LRSS (R T - ' EARE DFF), () Aofifae bl 5 (R
FNL - B LA D HEE) .

x B

Chen, Z., Wang, X., Xu, Z. and Wenguang, H. (2016) Convolutional
neural network based DEM super resolution. ISPRS
International Archives of the Photogrammetry, Remote Sensing
and Spatial Information Sciences, vol. XLI-B3, pp. 247-250.

Dong, C., Loy, C. C., He, K. and Tang, X.(2014) Learning a deep
convolutional network for image super-resolution. In: Fleet, D.,
Pajdla, T., Schiele, B. and Tuytelaars, T.(eds) Computer Vision
—ECCV 2014. ECCV 2014. Lecture Notes in Computer Science,
Springer, Cham, vol. 8692, pp. 184-199.

HEIRT A KA - ey Sl nE s A F g
D AP AR — (2021) R 8T & D EHE X
ARG DT LR & RRE. I HHVE, vol. 32, no. 1, pp. 3-13.

Fedibt (2020) FEdEbL 43k DEM (2010 4REE~2018 4RE).
https://www.geospatial.jp/ckan/dataset/2010-2018-hyogo-geo-d
em (2021 455 7 11 H)

FHREERGE (2019) BEM S5 1T X D @G EAN 215 U723
FM 7R ORI OVERR. KEET %2, vol. 56, no. 1, pp.
47-50.

B 2 S - FEAE - R BTG (2008) 3 K B-A 7T A v &
T MBS S OHEE. 1AM, vol. 19, no. 2, pp. 61-77.

WARIEE - B~ i - JHAE — (2012) Terramod-BS :
BS-Horizon % iffZiA A 72 g 85 S HEE - &7~ Visual
Basic 7' 77 A IEHRIME, vol. 23, no. 4, pp. 169-178.

Xu, Z., Chen, Z. and Yi, W.(2019) Deep gradient prior network
for DEM super-resolution: Transfer learning from image to

DEM. ISPRS journal of photogrammetry and remote sensing,
vol. 150, pp. 80-90.





